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Choosing a Measure of Central Tendency
In this section, we will discuss four considerations in deciding which measure of central tendency is the best one 
to report for a given dataset. In general, researchers tend to prefer the mean as the measure of central tendency 
to report. There are reasons why this is the case, one of which is that it does require all scores in a dataset to be 
used in its calculation. Another will become evident in Chapter 5 as the mean, in combination with a measure 
of variability we’ll learn about later in this chapter, can provide us with a great deal of information. In this section, 
however, we will discuss four considerations before defaulting to the mean as our measure of central tendency.

Consideration 1: Outliers in the data

The town I live in has a population of about 8,000 people, and the mean per capita (per person) income is 
$15,000. Now, suppose that Donald Trump moves to my town.

Although it is difficult to pinpoint precisely, let’s say that Trump’s income in 2014 was $380 million (Snyder, 
2015). With 8,001 people now living my town, what is the mean income of my town? $62,492. Does this infor-
mation indicate that the 8,000 people in my town who are not Donald Trump suddenly made $47,492 more 
this year? Of course not; in this example, we need to calculate the median because Trump’s income is an outlier. 
I know it will take a lot of time to arrange 8,001 income scores from lowest to highest, so let’s assume that 2,000 
people in my town earn $5,000 annually, 4,000 people earn $12,000 annually, 2,000 people earn $31,000 annu-
ally, and Trump earns $380,000,000 annually. That gives us a mean of $62,492. However, the median will be 
$12,000, which is obviously quite a bit lower and a more valid indicator of incomes than the mean.

Unlike the mean, the median is not as influenced by a few outliers (extreme scores) in a dataset. If you really 
want a valid picture of incomes (in my town or throughout the United States), the median tends to be a better 
measure of central tendency to report than the mean because one extreme income (outlier), such as Donald 
Trump’s, won’t blur what is the case for the majority of the dataset.

Consideration 2: Skewed data distributions

You may have noticed in the previous section that in our example data, the mean, median, and mode were 
almost identical. Indeed, when we have a large dataset, this will normally be the case. In fact, because it is 
“normally” the case, we say that such distributions of data are normally distributed. That is, the three measures 
of central tendency are all approximately equal. This is important because when we have a normal distribution 
of data, there is a great deal of information available to us. We will reveal that information in the next chapter.

Normal distribution: dataset in which the measures of central tendency are approximately equal to each other, thus 
creating a symmetrical, bell-shaped distribution of scores.

Figure 4.2 contains a normal distribution. The mode should be pretty easy to figure out as it is the highest 
point of the curve, which is where most scores cluster. As we move farther away from the highest point of the 
curve, we see that there are progressively fewer scores. Knowing that the measures of central tendency are 
approximately equal, it becomes easy to locate the mean and median.

Of course, as we just discussed in our example with the variable of income, not all distributions are nor-
mal. In the case of the distribution of income, the distribution is skewed. By “skewed,” we mean that the 
distribution of scores is not symmetrical as it is in a normal distribution. That is, outliers affect the shape of 
the distribution and make it non-normal. Income distribution is a powerful example of a positively skewed 
distribution. Take a look at Figure 4.3, which contains a positively skewed distribution. Let’s walk through 
Figure 4.3. The mode tends to be toward the low end of the distribution. If most scores are low, then why is 
it called a positively skewed distribution? That’s because a few high (positive) scores are skewing the distri-
bution. The high scores are “weird” or unusual in the distribution, hence, the term positively skewed.


